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Aims of the study

To determine how viral Facebook posts
spread in Estonian society.

To create a model to predict the
diffusion of viral posts.

https://spreadprivacy.com/
google-filter-bubble-study/



Theoretical concepts

Viral: Content that has great popularity because users spread it quickly and
widely. Their spread is often driven by factors such as novelty, emotional
resonance, or engagement triggers. (Berger & Milkman, 2012)

Diffusion: The process by which viral content spreads through a social
system. It often follows certain patterns or models and can be influenced by
various factors such as network structure, social influence, and
characteristics of the content or source. (Bakshy et al, 2012)

Filter Bubble: A state of intellectual isolation that can result from
personalized search queries when a website algorithm selectively guesses
what information a user wants to see based on their location, past click
behavior, and search history. (Pariser, 2011)

Echo Chamber: Social epistemic structure from which other relevant
voices have been actively excluded and discredited. Members of epistemic

bubbl)es lack exposure to relevant information and arguments. (Nguyen,
2020




10 POSES (07.10-16.10.2022)

Account metric

Post data

Friends

Followers

Total

Date

Reactions

Shares

Comments

0

31000

31000

12.10.2022

2360

376

73

5000

18657

23657

16.10.2022

2100

121

39

5000

14216

19216

16.10.2022

1260

78

45

2981

6071

9052

11.10.2022

1970

954

4746

5700

13.10.2022

666

1258

374

1632

07.10.2022

476

24000

24000

14.10.2022

1100

14000

14000

13.10.2022

1120

0

1310

13.10.2022

1260

14201

13.10.2022

1150
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Kodu on kindius, kuhu peaks $3ama varjuda g3 iInfmene vOI perelage 1o 2 kul raske. Ara o
tohies ke urintada tema korrashosdu ja pubatust Kirutan Teille paar ihibsalt nipge omae kodu
KOfrashoiks ja pulastuseks' 1)Mida vihem kulalisi: seda pareny' Kodu on sinu puhakoda, kus
peaksid k3ima ainuit rangelt valitud inimesed! Sinu energiat ilab just nende seinte vahelt. nilet
Ole ettevaathiv, keda uksest sisse Lsed. 2) K ¢lad majas, siis maa Omber vOiks ofla taim, mis ok
See more

Tonls Niinemets
EX-RY ]

martn helme, mulle on jdanud mule, et e olele glati gustanud korkrestsel srvamuost ja dma
keerutamata jutustamist, olen seles osas 1eega chte meelt ning sedlest Iihtuvalt ka Kirjutan,

Tese Ukraing 10etuse mistealikifastamisest an kOB mitu pdeva maddas, aga teema an siani divis
Kuulasin tele pohjandusi ja tundus kuidagi ebakankreetne. Jah, mulle ka meeldiks kui igasuguste
allkirjastamistega kaasneksid xonkreetsaed tulemused parema maailma suunas, aga antud juhul on
Ksimus, kas mz saame vene gl legulsemizest Ugainas sanasall arg »Oi miile, Ja tundob, &l
mille MGslan 2L e & s3a erakonnana anda uma valljae valkesnate lemal, <us valilsuse =
Peaministriga samas paadis o/la, 3ga sis Oelge see ka igas teemas valja Bt valimsed on tulemas ja
that'e it ka sfa konteksts, 1a suurele naaberrigle on tewe poalt sgnaal “open for relationship®
13 0ks palve on ka kul Juba kifjutamiseks ks - dkki saab midag solle pester emitsaga ofte witta
Pracqu veab ta fagikogu mainet ja intelligentsi mediaani kescmisest kovasti allapocie. Ma saan
ary, et valjaid on igasuguseid. aga no pans il kil me ratwas ikka ka ei cle. Ikkag Cesti eest! . voi
mida iganes e rahudikuks vinumiseks endake magamistos ladee veekindls markeriga Kirjulaned

nale

Viadas Radvilavicius
3 14-9

Selle talve parim naise arasebimise lause:
“Jou! Lahme minu juurde! Mul on kiite
sees!”
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0 Igor Taro v

UKRAINA PAEVIK 15900 intsicherchicd piiridbeses Delgorods oblastis Venermnaal on hakanud korduma,
Yone okupantidele teeb muret ukrainkaste surve Hersoni oblasti panjasuanast. Varem kdige
keerulsemaks hinnatud Bahmuts suunal on olukord raske, kuid hetieel pastab stabilne.

@\enemaa Belgorodk oblastis planvatas naftabaadi ning leid aset tulistamine Lskevaljal, ks on
paxrkOmmend hulkiaurut.

@Luganski suunal pltavad wene ckupandd 1uda ukrainiaste vastupealelungi Atkamist.
@Her. See mare




Sample — quota and reality

: Real proportion
proportion

Primary
Secondary
Vocational
Higher

NA




Respondents by age, education, sex and frequency of FB visits
Social Media Diffusion Model

Male

Female

Vocational -

Does not own an account

Owns an account. but does not visit

Education

Secondary - Less frequently than once a week

Once a week

2-3 times a week

Once a day
Primary =

Multiple times a day




How often do you visit Facebook? (Messenger doesn't count)
Social Media Diffusion model

43.26%

Does not own an account

Owns an account. but does not visit
Less frequently than once a week

N
20% - 20.13% Once a week

17.75% 2-3 times a week

Once a day

Multiple times a day

2.69% 2.54%

Frequency



Age: 18-30 years Age: 31-45 years

Frequency of visiting
Facebook by different

age groups
40% -
20% - -20.27%
5.41%

0%

Age: 46-60 years Age: 61+ years

Does not own an account
Qwns an account, but does not visit
\
Less frequently than once a week

Once a week

2-3 times a week

20%-

Once a day
Multiple times a day 408% .08%




Number of posts seen /
frequency of Facebook visits

E |
30%

20% I
10% i | I
0% I I I l I I =l -
0 1 2 3 4 5 B 7 8
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Less frequently than once a week = Once a week m 2-3 times a week mOnce a day mMultiple times a day




Filter Bubbles or Echo Chambers?

#9 #4

#10 #7

3 post total views = 483 3 post total views = 240
Unique viewers = 301 Unique viewers = 191




Diffusion
of posts

| postl #1 | #2 | #3 | #4 | #5 | #6 | #7 | #8 | #9 | #10
™™ 10% 27% 13% 11% 10% 8% 14% 11% 25% 15%

m 31000 26329 19266 9092 5713 1659 24500 22500 1310 17738

m 2828 2415 1471 3029 1173 1071 1545 1360 1406 1259




Account Post metric

friends
followers
reactions
comments
total
activities
post
diffusion
account
diffusion

Reactions
———

friends 1.00

Shares

followers . 0.95

Comments

total
network

1.00 062

reactions 48 062 1.00

shares

comments

total
activities
post

Correlation

account

Matrix diffusion




Comparison of Regression Models
| |independentVariables) | R | puwale

Shares 0,1374 0,1574
Comments 0,1662 0,1331
Reactions 0,0161 0,3153
\[GLETRZ Shares, Comments, Reactions 0,1780 0,2752
Friends, Followers -0,0256 0,4533
\ T IR Total Network -0,1151 0,0797
\[GLEIWARS Shares, Comments, Reactions, Total Network 0,7443 0,02392

VLIRS Shares, Comments, Reactions, Friends, Followers 0,4549 0,1975
\ IR Total Activities, Total Network -0,2792 0,9558




Shares (S)
Comments (C)

Reactions (R)

Network Size (N)

Regression

coefficient

0,00852**
0,14455
0,00698**
0,01106**

0,00923**




* The model was created based on data
collected in the fall of 2022. Facebook's
algorithm is constantly changing.

* The number of responses to individual
osts ranged from 1071 to 3029, it is
ard to tell how the model works

outside of this range.

* The model is designed to provide
estimates, but not exact results. Its
application is limited to evaluating
contributions that spread organically.

* The model was developed in Estonia,
where there are about 1.3 million
Estonia_n-sp_eahlgtirgg cC:Ii_t]lfzens,t $Ott|‘?e
S PRRPT namics mi e different in the
Limitations of E%glish-langgage information space.

model




12,778 -0,041 x5+ 0,049+« C+ 0,016 xR —0,0008 * N,
where S — number of post shares,

C — number of comments on post,

R - total reactions to post and

N - size of the post owner’s network size (friends + followers).

Social Media
Diffusion Model
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